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At the Intersections of Random Matrix theory  & 
Free Probability with..  
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Capacity for Non-linear Optical channels 

• Advance Wireless Com.
Massive MIMO 
NG Radar at mmW
Architect. design for mmW Massive MIMO

• Communication Systems
Single- multi- user MIMO
• MIMO OFDM, NOMA
• Cooperative MIMO, 
• Precoding/beamforming
• Space time block code
• Cooperative MIMO
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(Stochastic) Network densification

Their solutions have contributed 
to new theoretical results in the field of 

random matrix theory and free probability



Random matrix: matrix-valued random variable

Random Matrix Theory: provides understanding of diverse properties (manly, 
statistics of matrix eigenvalues) of matrices with entries drawn randomly from 
various joint p.d.f.

Free probability: mathematical theory that studies non-commutative random 
variables. 

”Freeness" or free independence property is the analogue of the classical notion 
of independence. 

Initiated in 86 from the free group factors isomorphism problem (in operator algebras)
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Random Matrix in Physical Systems
Nuclear Physics

To model the nuclei of heavy atoms
(spacings between the lines in the spectrum of 

a heavy atom nucleus)

Multivariate Statistics 

For statistical analysis of 
large samples

To model the distribution of zeros 
of the Riemann zeta function

Connected to the Hilbert–Pólya
conjecture

Number Theory
Theoretical neuroscience

To model: network of 
synaptic connections 
between neurons in the 
brain
And dynamical behavior of 
randomly connected neural 
networks



Multi-Antenna channels

K 

N 

N 

y = Hx + n

• K and N number of transmit and receive antennas

• H = propagation matrix: N ⇥K complex matrix whose entries represent
the gains between each transmit each and receive antenna.
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DS-CDMA Flat-faded Channel

User 2 

User 1 A 1 1 s 1 

A 2 2 s 2 

A k k s k 

. . . 

. . .
 . . . 

Interface 

Interface 

Front 
End 

y=Hx + n 

x 2 

x 1 

y = H|{z}
SA

x + n= SAx + n

• K= number of users; N= processing gain.
• S = [s1 | . . . | sK] with sk the signature vector of the kth user.
• A is a K⇥K diagonal matrix containing the independent complex fading
coefficients for each user.
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Correlated Entries

Theorem: Let

H =
p

�RS

p
�T

S: N ⇥K matrix whose entries are independent complex random variables
(arbitrarily distributed) satisfying the Lindeberg condition with identical
means and variance 1

N .

�R: N ⇥ N random matrix whose asymptotic spectrum of converges a. s.
to a compactly supported measure.

�T: K ⇥K random matrix whose asymptotic spectrum converges a. s. to
a compactly supported measure.

45

Double Regularity: Engineering Insight

text 

H=P     S 1/2 
o 

• where S has i.i.d. entries with variance 1
N and thus Var [Hi,j] = Pi,j

N

• gain between copolar antennas (�) different from gain between
crosspolar antennas (�) and thus when antennas with two orthogonal
polarizations are used

P =

2

664

� � � � . . .
� � � � . . .
� � � � . . .
... ... ... ... . . .

3

775

which is mean doubly regular.
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Crosspolarized Antennas

A. M. Tulino, A. Lozano, and S. Verdú, “Impact of Antenna
Correlation on the Capacity of Multiantenna Channels,” IEEE
Trans. Information Theory, vol. 51, pp. 2491-2509, July 2005

Double Regularity: Engineering Insight

text 

H=P     S 
1/2 

o 

• where S has i.i.d. entries with variance 1
N and thus Var [Hi,j] = Pi,j

N

• gain between copolar antennas (�) different from gain between

crosspolar antennas (⇥) and thus when antennas with two orthogonal
polarizations are used

P =

�

⇧⇧⇤

� ⇥ � ⇥ . . .
⇥ � ⇥ � . . .
� ⇥ � ⇥ . . .
... ... ... ... . . .

⇥

⌃⌃⌅

which is mean doubly regular.
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Theorem 11. • Channel matrix H = A � Hw

• A is deterministic doubly-regular (identical row-sums and identical
column-sums)

• Hw has zero-mean independent (not necessarily identically distributed)
coefficients with variance 1

nT
.

Then, the asymptotic capacity per antenna is the same as if H = Hw
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Massive MIMO (LSA) 

Crosspolarized Antennas

Hetenet

Random Matrix in Communications

Code Division Multiple Access (CDMA)

COMP
MC-CDMA 

Random Precoding Diversity
Progressive Scattering

Sensor networks 

Frequency selective
time selective
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to the waterfilling formula [3]. In fact, in the familiar case of a
deterministic linear time-invariant system with transfer function

, , the mutual information achieved by
a stationary Gaussian input process with power spectral density

is equal to the right side of (7) with
and uniformly distributed on .

A general discrete-time coherent fading model is given by the
noisy version of the output of a linear time-varying system with
random impulse response known at the receiver

(8)

or, equivalently, in vector form

(9)

where is the matrix representation of the convolution operator
in (8). Subject to suitable stationarity and ergodicity assump-
tions on the capacity is given by [1]

(10)
A general closed-form formula for (10) in terms of the statistics
of has not been found yet either with or without knowl-
edge of at the transmitter.

Since most mobile wireless systems are subject to both fre-
quency-selective fading (e.g., due to multipath) and to time-se-
lective fading (e.g., due to shadowing), it is of interest to con-
sider a channel model that incorporates both effects. In this
paper, we consider the following model (Fig. 1):

(11)

obtained by concatenating a random circulant matrix ,
with a time-domain diagonal fading matrix, where, as defined
before, and are random diagonal matrices modeling the
time-selective and frequency-selective fading coefficients, re-
spectively. Note that (11) is a special case of (8), which cap-
tures some interesting features of time and frequency selectivity.
For example, we may consider a case where signaling takes
place over a set of orthogonal carriers [as in orthogonal fre-
quency-division multiplexing (OFDM)], each attenuated by a
random coefficient, with the whole signal then subject to a form
of time-selective fading. Examples of time-selective (frequency-
flat) fading include shadowing, impulsive noise/jamming that
saturates the receiver input thereby erasing some of the received
values [4], and satellite communication with the presence of a
line-of-sight path modeled as a Markov chain [5].

Throughout this paper, we assume that the fading random pro-
cesses and are mutually independent,
stationary, and ergodic. Furthermore, either the time-domain
fading or the frequency-domain fading is assumed to be i.i.d.,
while the other is strong mixing (Definition 12 in Appendix IV).
We denote by and two independent random variables with
the same first-order marginal distributions of and , re-
spectively. Notice that and may have different distributions.

Fig. 1. Frequency-selective time-selective fading channel.

These are assumed to be sufficiently well behaved, such that all
moments exist.

The main technical advance required to solve the capacity
of the channel model (11) is the asymptotic spectral distribu-
tion of the matrix , when is a random symmetric non-
negative definite circulant matrix independent of . When the
fading is known to the receiver only, the capacity is given by
Theorem 1, which represents the main result of this paper. In
Theorem 2, we show that when the frequency-domain fading is
known also to the transmitter, the capacity achieving power allo-
cation on the channel frequency components takes on the form
of the well-known “waterfilling” solution for a scaled channel
SNR, where the scaling coefficient can be characterized as the
solution of a fixed-point equation. We also provide a number
of easily computable upper and lower bounds to capacity, and
simple formulas for the asymptotic behavior of capacity in the
limits of small and large SNR are also presented.

The rest of this paper is organized as follows. Section II states
the main results on capacity with fading coefficients known
at the receiver only; on capacity when the frequency-selective
fading is known also to the transmitter; on the bounds to ca-
pacity and on the low/high SNR asymptotic regimes. Section III
presents some auxiliary results and the proofs of our main re-
sults, except those particularly technical, which are relegated to
Appendixes I–IX. Finally, Section IV summarizes our conclu-
sions.

II. CHANNEL CAPACITY RESULTS

A. Main Results

Theorem 1: The capacity of the channel model (11) with
fading unknown to the transmitter is given by

(12)

where

(13)

(14)

are coefficients that depend on and on the fading distributions,
and are defined by the solution to

(15)
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†
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At the beginning...

Grenander-Szego’58        Marcenko-Pastur’67     Silverstein-Bai’95 

Three classical (random) matrix ensembles:

Toeplitz Matrix            Wishart           Weighted Wishart

What about arbitrary structure 
and distributions

X = HH
†
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to the waterfilling formula [3]. In fact, in the familiar case of a
deterministic linear time-invariant system with transfer function

, , the mutual information achieved by
a stationary Gaussian input process with power spectral density

is equal to the right side of (7) with
and uniformly distributed on .

A general discrete-time coherent fading model is given by the
noisy version of the output of a linear time-varying system with
random impulse response known at the receiver

(8)

or, equivalently, in vector form

(9)

where is the matrix representation of the convolution operator
in (8). Subject to suitable stationarity and ergodicity assump-
tions on the capacity is given by [1]

(10)
A general closed-form formula for (10) in terms of the statistics
of has not been found yet either with or without knowl-
edge of at the transmitter.

Since most mobile wireless systems are subject to both fre-
quency-selective fading (e.g., due to multipath) and to time-se-
lective fading (e.g., due to shadowing), it is of interest to con-
sider a channel model that incorporates both effects. In this
paper, we consider the following model (Fig. 1):

(11)

obtained by concatenating a random circulant matrix ,
with a time-domain diagonal fading matrix, where, as defined
before, and are random diagonal matrices modeling the
time-selective and frequency-selective fading coefficients, re-
spectively. Note that (11) is a special case of (8), which cap-
tures some interesting features of time and frequency selectivity.
For example, we may consider a case where signaling takes
place over a set of orthogonal carriers [as in orthogonal fre-
quency-division multiplexing (OFDM)], each attenuated by a
random coefficient, with the whole signal then subject to a form
of time-selective fading. Examples of time-selective (frequency-
flat) fading include shadowing, impulsive noise/jamming that
saturates the receiver input thereby erasing some of the received
values [4], and satellite communication with the presence of a
line-of-sight path modeled as a Markov chain [5].

Throughout this paper, we assume that the fading random pro-
cesses and are mutually independent,
stationary, and ergodic. Furthermore, either the time-domain
fading or the frequency-domain fading is assumed to be i.i.d.,
while the other is strong mixing (Definition 12 in Appendix IV).
We denote by and two independent random variables with
the same first-order marginal distributions of and , re-
spectively. Notice that and may have different distributions.

Fig. 1. Frequency-selective time-selective fading channel.

These are assumed to be sufficiently well behaved, such that all
moments exist.

The main technical advance required to solve the capacity
of the channel model (11) is the asymptotic spectral distribu-
tion of the matrix , when is a random symmetric non-
negative definite circulant matrix independent of . When the
fading is known to the receiver only, the capacity is given by
Theorem 1, which represents the main result of this paper. In
Theorem 2, we show that when the frequency-domain fading is
known also to the transmitter, the capacity achieving power allo-
cation on the channel frequency components takes on the form
of the well-known “waterfilling” solution for a scaled channel
SNR, where the scaling coefficient can be characterized as the
solution of a fixed-point equation. We also provide a number
of easily computable upper and lower bounds to capacity, and
simple formulas for the asymptotic behavior of capacity in the
limits of small and large SNR are also presented.

The rest of this paper is organized as follows. Section II states
the main results on capacity with fading coefficients known
at the receiver only; on capacity when the frequency-selective
fading is known also to the transmitter; on the bounds to ca-
pacity and on the low/high SNR asymptotic regimes. Section III
presents some auxiliary results and the proofs of our main re-
sults, except those particularly technical, which are relegated to
Appendixes I–IX. Finally, Section IV summarizes our conclu-
sions.

II. CHANNEL CAPACITY RESULTS

A. Main Results

Theorem 1: The capacity of the channel model (11) with
fading unknown to the transmitter is given by

(12)

where

(13)

(14)

are coefficients that depend on and on the fading distributions,
and are defined by the solution to

(15)
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to the waterfilling formula [3]. In fact, in the familiar case of a
deterministic linear time-invariant system with transfer function

, , the mutual information achieved by
a stationary Gaussian input process with power spectral density

is equal to the right side of (7) with
and uniformly distributed on .

A general discrete-time coherent fading model is given by the
noisy version of the output of a linear time-varying system with
random impulse response known at the receiver

(8)

or, equivalently, in vector form

(9)

where is the matrix representation of the convolution operator
in (8). Subject to suitable stationarity and ergodicity assump-
tions on the capacity is given by [1]

(10)
A general closed-form formula for (10) in terms of the statistics
of has not been found yet either with or without knowl-
edge of at the transmitter.

Since most mobile wireless systems are subject to both fre-
quency-selective fading (e.g., due to multipath) and to time-se-
lective fading (e.g., due to shadowing), it is of interest to con-
sider a channel model that incorporates both effects. In this
paper, we consider the following model (Fig. 1):

(11)

obtained by concatenating a random circulant matrix ,
with a time-domain diagonal fading matrix, where, as defined
before, and are random diagonal matrices modeling the
time-selective and frequency-selective fading coefficients, re-
spectively. Note that (11) is a special case of (8), which cap-
tures some interesting features of time and frequency selectivity.
For example, we may consider a case where signaling takes
place over a set of orthogonal carriers [as in orthogonal fre-
quency-division multiplexing (OFDM)], each attenuated by a
random coefficient, with the whole signal then subject to a form
of time-selective fading. Examples of time-selective (frequency-
flat) fading include shadowing, impulsive noise/jamming that
saturates the receiver input thereby erasing some of the received
values [4], and satellite communication with the presence of a
line-of-sight path modeled as a Markov chain [5].

Throughout this paper, we assume that the fading random pro-
cesses and are mutually independent,
stationary, and ergodic. Furthermore, either the time-domain
fading or the frequency-domain fading is assumed to be i.i.d.,
while the other is strong mixing (Definition 12 in Appendix IV).
We denote by and two independent random variables with
the same first-order marginal distributions of and , re-
spectively. Notice that and may have different distributions.

Fig. 1. Frequency-selective time-selective fading channel.

These are assumed to be sufficiently well behaved, such that all
moments exist.

The main technical advance required to solve the capacity
of the channel model (11) is the asymptotic spectral distribu-
tion of the matrix , when is a random symmetric non-
negative definite circulant matrix independent of . When the
fading is known to the receiver only, the capacity is given by
Theorem 1, which represents the main result of this paper. In
Theorem 2, we show that when the frequency-domain fading is
known also to the transmitter, the capacity achieving power allo-
cation on the channel frequency components takes on the form
of the well-known “waterfilling” solution for a scaled channel
SNR, where the scaling coefficient can be characterized as the
solution of a fixed-point equation. We also provide a number
of easily computable upper and lower bounds to capacity, and
simple formulas for the asymptotic behavior of capacity in the
limits of small and large SNR are also presented.

The rest of this paper is organized as follows. Section II states
the main results on capacity with fading coefficients known
at the receiver only; on capacity when the frequency-selective
fading is known also to the transmitter; on the bounds to ca-
pacity and on the low/high SNR asymptotic regimes. Section III
presents some auxiliary results and the proofs of our main re-
sults, except those particularly technical, which are relegated to
Appendixes I–IX. Finally, Section IV summarizes our conclu-
sions.

II. CHANNEL CAPACITY RESULTS

A. Main Results

Theorem 1: The capacity of the channel model (11) with
fading unknown to the transmitter is given by

(12)

where

(13)

(14)

are coefficients that depend on and on the fading distributions,
and are defined by the solution to

(15)
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Ø Σ Toeplitz (random) matrix
Ø A, E  i.i.d

Crosspolarized Antennas

A. M. Tulino, A. Lozano, and S. Verdú, “Impact of Antenna
Correlation on the Capacity of Multiantenna Channels,” IEEE
Trans. Information Theory, vol. 51, pp. 2491-2509, July 2005

Double Regularity: Engineering Insight

text 

H=P     S 
1/2 

o 

• where S has i.i.d. entries with variance 1
N and thus Var [Hi,j] = Pi,j

N

• gain between copolar antennas (�) different from gain between

crosspolar antennas (⇥) and thus when antennas with two orthogonal
polarizations are used

P =

�

⇧⇧⇤

� ⇥ � ⇥ . . .
⇥ � ⇥ � . . .
� ⇥ � ⇥ . . .
... ... ... ... . . .

⇥

⌃⌃⌅

which is mean doubly regular.

50

Theorem 11. • Channel matrix H = A � Hw

• A is deterministic doubly-regular (identical row-sums and identical
column-sums)

• Hw has zero-mean independent (not necessarily identically distributed)
coefficients with variance 1

nT
.

Then, the asymptotic capacity per antenna is the same as if H = Hw

41

Ø W i.i.d. 

Doubly Regular
H = P

1/2 �W
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Filling the Gap...

New random matrix results:

Sensor Networks

Random Matrix 
Theory and 

Free probability

Estimation 
Theory

Information
Theory

Communication 
Theory

UIU-Model
H = USV

†
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Random Matrix in Communications

x= K-dimensional complex-values input vector

y= N-dimensional complex-values output vector

𝒏 = N-dimensional additive Gaussian noise

𝑯= N×K-random channel matrix known at the receiver

y = Hx+ n
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Random Matrix Theory and Free probability help in the characterization of H when the 
number of dimensions K and N goes to infinity: 

K, N -> ∞ ,   K/N=const



Random Matrix in Communications

(Asymptotic) characterization of  H and in particular of its eigenvalues of allows characterize

• maximum throughput (Information measurement)

• mean error in the signal reconstruction of x from y (Estimation measurement )

y = Hx+ n
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input 
output

N×K channel matrix 
(K, N -> ∞)

Although exact in a large system regime, it 
provide very tight performance approx. for 
realistic system dimensions. 

Does asymptotic regime limit the 
applicability of the result?  

8 = ∞



Filling the Gap...
New Information Theoretical Limits:

Cloud-RAN 
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Communication

• Resource limited

• Interaction limited

TOWARDS REAL-TIME AUGMENTED COGNITION



Communication Content Distribution

• Resource limited

• Interaction limited

• Resource intensive

• Interaction limited

TOWARDS REAL-TIME AUGMENTED COGNITION



Communication Content Distribution 

• Resource limited

• Interaction limited

• Resource intensive

• Interaction limited

TOWARDS REAL-TIME AUGMENTED COGNITION

VF

VF

VF

VF

Real-time Computation

• Resource intensive

• Real-time interaction

Bridging the time-scale gap between information capture/sensing, analysis/processing, and delivery/consumption



At the Intersections of Network Theory with..  

Information
Theory

Communication 
and Coding

Theory

Network Theory Statistical  
Physics 

Stochastic  
Optimization Random Matrix 

Theory  

• Computing Networks
E2E Service Optimization and Dynamic 
Control in NG cloud-integrated networks 
• NFV and Network Slicing
• Mobile Edge Computing (MEC)
• Real-time Stream processing 

• Content Networks
Efficient Content Storage and Delivery
• Cache-aided coded multicast 
• Distributed network compression  
• Dynamic Data

Vision: 
5G & beyond cloud-integrated networks will become universal general-purpose compute platforms, with large 
variety of services and applications deployed in the form of slices within a common physical infrastructure.



TOPICS CONNECTED TO SENSOR NETWORKS…

• Reconfigurable and programmable metasurfaces to obtain dynamically switching EM functions, yielding
more freedom and flexibility with respect to conventional phased antenna arrays.

• Objective: joint exploitation of space and time dimensions to allow additional degrees like: 
• Improved information rates
• Channel estimation
• Physical-layer security
• Sensing and data fusion 
• Wireless E-health

The age of Green Internet-of-Things (G-IoT) [for more details see slides 78-82]

DECENTRALIZED INFERENCE WITH SENSING UNCERTAINTY 
[for more details see slides 83-87]

• Objective: detecting a localized POI (Phenomenon of Interest), whose position and emitted
amplitude not known in advance. 

• Open issues
- Development of sophisticated models for accounting both complex sensing phenomena and 5G/B5G communication systems 

(ambient backscattering, massive MIMO, RISs, etc). 
- Design of low-complexity fusion rules originated/elicited from composite hypothesis testing problems, including also quickest 

detection scenarios
- Sensor Quantizer design, including adaptivity by means of active testing



The Wireless Bottleneck

Multicast 
medium

Unicast traffic

Wireless edge caching

Asynchronous content reuse

Caching



FemtoCaching: Caching at the infrastructure side (SBS, Helpers)

Approaches 

Requires infrastructure nodes to grow linearly with the users.

Rate ≈ Load ≈ Delay

M: Memory at 
femtocaching

m: numero di files

The Wireless Bottleneck

 
R ≈ Θ m

M
⎛
⎝

⎞
⎠



Approaches 

The Wireless Bottleneck

D2D Caching: content replication and multi-hop. 

Requires no infrastructure, but very hard to implement 
• no good D2D standard in place, 
• coordination across a large network

M: Memory at 
user device

m: numero di
files

 
R ≈ Θ m

M
⎛
⎝

⎞
⎠

Rate ≈ Load ≈ Delay



Cache-Aided Coded Multicast:

Question: 
Can we achieve scalability with finite infrastructure and 
no D2D communication?

Yes we can!

• J. Llorca, A.M. Tulino, K. Guan, and D. Kilper, 2013 “Network-
coded caching-aided multicast for efficient content delivery”.

• M. Ji, A. M. Tulino, J. Llorca, and G. Caire, 2014 "On the average 
performance of caching and coded multicasting with random 
demands.”

Main Idea: leverages side information at wireless edge caches to efficiently serve jointly multiple 
unicast demands via common multicast transmissions, leading to load reductions that are proportional 
to the aggregate cache size. (Network Coding)

The Wireless Bottleneck

U1 U2

A B

Cache-Aided Coded Mul3cas3ng

1 file Stored at each user

Requested files

A B

B A

B A



Cache-Aided Coded Multicast:
• M. Ji, A. M. Tulino, J. Llorca, and G. Caire, 2014 "On the average 

performance of caching and coded multicasting with random 
demands.” 

Main Idea: leverages side information at wireless edge caches to efficiently serve jointly multiple 
unicast demands via common multicast transmissions, leading to load reductions that are proportional 
to the aggregate cache size. (Network Coding)

The Wireless Bottleneck

U1 U2

A B

Cache-Aided Coded Multicasting

1 file Stored at each user

Requested files

A B

B A

B A

Theoretical 
unbounded gains

Source
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Cache-Aided Coded Multicast:
• M. Ji, A. M. Tulino, J. Llorca, and G. Caire, 2014 "On the average 

performance of caching and coded multicasting with random 
demands.”

Main Idea: Reducing the load over the network by looking for content stored in the network that 
exact matches the information that we need to deliver in order to satisfy user demand. Moving 
towards real-time (personalized media dominated) services exact cache hits are almost non-existent.

The Wireless Bottleneck

U1 U2

A B

Cache-Aided Coded Mul3cas3ng

1 file Stored at each user

Requested files

A B

B A

B A

Theoretical 
unbounded gains 6x

Source
m=2 files

n=2 users
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Dynamic end-to-end network compression
compressing information as it travels through the network

Static local compression is myopic to spatiotemporal 
information lifecycle

We still compress information based solely on local intra-file 
correlations, without taking into account increasingly relevant 
network-wide spatiotemporal correlations

Dynamic e2e compression adaptively exploits redundancy 
throughout the network

Exploiting cloud network wide spatiotemporal redundancy to push 
the fundamental limits of information compression

FROM STATIC LOCAL COMPRESSION TO DYNAMIC NETWORK COMPRESSION

Previously stored information are exploited as references for network compression during delivery



Towards E2E network compression

8X network load reduction beyond local compression and unicast delivery
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Correlation−Aware Coded Multicast
Coded Multicast
Unicast

7.8x

Turning memory 
into Bandwidth  

Un-coded
Exact match Coded low complexity
Correlation-aware Coded Low Complexity

Content distribution network: 10 journal publications, 15 conference papers,2 book Chapters, 
1 best conf. paper award, 900+ google citations, 16 patents (4 Licensed)



33 © Nokia 2016

CLOUD-INTEGRATED NETWORKS AS UNIVERSAL COMPUTE PLATFORMS

Core cloud

Edge cloud

Programmable 
Network Fabric

(5G & beyond) cloud-integrated networks will become universal general-purpose compute platforms, 
where a large variety of services and applications will be deployed in the form of slices within a common 
physical infrastructure.
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CLOUD-INTEGRATED NETWORKS AS UNIVERSAL COMPUTE PLATFORMS

VF

VF

VF

VF

APP

Cloud Network Slice

Every human experience will be supported by a collection of services running over a cloud-integrated 
network. 
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CLOUD-INTEGRATED NETWORKS AS UNIVERSAL COMPUTE PLATFORMS

APP

APP

…

VF

VF

VF

VF

VF

VFVF

Cloud Network Slice

M. Weldon, “The Future X Network: A Bell Labs Perspective,” CRC PRESS, October 2015. 

These services take information sources from the physical world, route them through multiple functions 
instantiated across the cloud network until delivering output flows that create some form of augmented 
value for the end user
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CLOUD-INTEGRATED NETWORKS AS UNIVERSAL COMPUTE PLATFORMS

VF

VF

APP

APP

…

Elastic Network 
Resources

Elastic Cloud 
Resources

VF

Cloud Network Slice

VF

VFVF

VF

• Key enablers

- Network function virtualization (NFV)

- Software defined networking (SDN)
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CLOUD-INTEGRATED NETWORKS AS UNIVERSAL COMPUTE PLATFORMS

VF

VF

APP

APP

…

Elastic Network 
Resources

Elastic Cloud 
Resources

VF

Cloud Network Slice

VF

VFVF

VF

• Key enablers

- Network function virtualization (NFV)

- Software defined networking (SDN)

• Ideal for next generation services 
(both resource and latency sensitive) 

1) Network services

- 5G slices

2) Automation services

- Smart X, IoT

3) Augmented experience services

- Virtual X, Augmented X
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CLOUD-INTEGRATED NETWORKS AS UNIVERSAL COMPUTE PLATFORMS

VF

VF

APP

APP

…

Elastic Network 
Resources

Elastic Cloud 
Resources

VF

Elastic Cloud Network Slice

VF

VFVF

VF

• Opportunities
- Users can consume resource- and 

interaction-intensive applications 
from resource-limited devices

- Operators can reduce costs and 
create new value-added services

- Overall sustainability
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CLOUD-INTEGRATED NETWORKS AS UNIVERSAL COMPUTE PLATFORMS

VF

VF

APP

APP

…

Elastic Network 
Resources

Elastic Cloud 
Resources

VF

Elastic Cloud Network Slice

VF

VFVF

VF

• Opportunities
- Users can consume resource- and 

interaction-intensive applications 
from resource-limited devices

- Operators can reduce costs and 
create new value-added services

- Overall sustainability

• Challenges
- Optimized elastic consumption of 

compute/storage/network 
resources

- End-to-end autonomous 
configuration and control
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VF

VF

VF

VF

VFVF
VF

Function 
Placement

Flow 
Routing

Cloud 
resource 
allocation

Network 
resource 
allocation

…APP

APP

…

JOINT END-TO-END SERVICE OPTIMIZATION

• Function placement

- Function chaining, splitting, and replication

• Flow routing

- Flow scaling 

- Mix of unicast and multicast traffic 
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EXISTING APPROACHES
COMPLEX DISJOINT SOLUTIONS

VF

VF

VF

VF

VFVF
VF

Function 
Placement

Flow 
Routing

Cloud 
resource 
allocation

Network 
resource 
allocation

…APP

APP

…

Facility 
Location

Multi-commodity 
Flow

• Driven by old vision of cloud and network separation

• No joint placement/routing optimization

• Unacceptable QoE, limited knowledge augmentation, and/or unsustainable costs with resource overprovisioning.

Separate data/function placement, flow routing, cloud and network resource allocation
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CLOUD NETWORK FLOW APPROACH

CLOUD NETWORK FLOW

• Comprehensive model

- Arbitrary flow chaining, scaling, splitting, and replication

- Arbitrary traffic mix (unicast and multicast flows)

- Non-isomorphic embeddings

• Approximation guarantees
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CLOUD NETWORK FLOW
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• Directed acyclic graph that encodes the 
relationship between service functions and 
associated input/output flows
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CLOUD NETWORK FLOW

Vertical Service
(e.g., Augmented Reality)

Personalized 
Stream

Stream 1

Stream 2

1. Service Graph

Network Service
(e.g., Fixed Residential Video)

vCDN

vFANvCPE

Video 
consumption

Video 
source/
capturevBNGFANCPE

APP

APP

Data

Control

Flow Scaling

• Directed acyclic graph that encodes the 
relationship between service functions and 
associated input/output flows

• Control/data plane as well as 
hardware/software based functions

• Heterogeneous function complexity (proc. 
res. units per flow unit) and flow scaling 
(output flow units per input flow unit)

o1 o2 o3 o4

Service 
Graph
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JOINT END-TO-END SERVICE OPTIMIZATION

Cloud-
Augmented

Grapho1 o2 o3 o4

Service 
Graph

Cloud Network Flow problem: Mixed-cast multi-commodity-chain flow on a cloud-augmented graph

• Includes and generalizes placement and network flow problems

• Captures combined use of compute/storage/transport resources, unicast and multicast flows, and 
flow/function chaining, scaling, splitting, and replication

• Admits optimal polynomial time solutions under linear costs and splittable flows, and efficient 
approximations otherwise
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SERVICE CLASSIFICATION AND APPROXIMATION ALGORITHMS
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61

Cloud network flow admits optimal polynomial time solutions under linear costs and splittable flows, 
and efficient approximations otherwise

5G Slices
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• Barcelo, Llorca, Tulino, Raman, “The Cloud Service Distribution Problem in Distributed Cloud Networks,” IEEE ICC, 2015. 
• Feng, Llorca, Tulino, Raz, Molisch “Approximation Algorithms for the NFV Service Distribution Problem,” IEEE INFOCOM, 2017.
• Zhang, Sinha, Llorca, Tulino, Modiano, “Optimal Control of Distributed Computing Networks with Mixed-Cast Traffic Flows,” IEEE INFOCOM, 2018.
• Feng, Llorca, Tulino, Molisch, “Optimal Dynamic Cloud Network Control,” IEEE/ACM Transactions on Networking, 2018.
• Feng, Llorca, Tulino, Molisch, “Optimal Control of Wireless Computing Networks,” IEEE Transactions on Wireless Communications, 2018.

SERVICE CLASSIFICATION AND APPROXIMATION ALGORITHMS
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• Barcelo, Llorca, Tulino, Morell, Vicario, “IoT-Cloud Service Optimization in Smart Environments,” IEEE JSAC 2016 
• Michael, Llorca, Tulino, “Approximation Algorithms for the Optimal Distribution of Real-time Stream-Processing Services,” IEEE ICC, 2019.
• Poularakis, Llorca, Tulino, Tassiulas, “Service Placement and Request Routing in MEC Networks With Storage, Computation, and Communication Constraints,” 

IEEE Trans. on Networking, 2020.
• Poularakis, Llorca, Tulino, Tassiulas, “Approximation Algorithms for Data-Intensive Service Chain Embedding,” ACM MOBIHOC, 2020.

SERVICE CLASSIFICATION AND APPROXIMATION ALGORITHMS
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NETWORK SERVICE CHAINS

• Network: Generic US Metro
- 4 Metro PoP, 12 Metro Agg, 60 Metro Edge
- 10G links, CloudBand compute nodes

• Service: Fixed Residential Video
- Data plane: vCDN, vBNG, FAN, CPE
- Control Plane: vCDN, vBNG, vFAN, vCPE

• Demand:
- 2014, 2018, 2022 video traffic
- 50% VoD, 40% VS, 10% IPTV
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• Barcelo, Llorca, Tulino, Raman, “The Cloud Service Distribution Problem in Distributed Cloud Networks,” IEEE ICC 2015. 
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SMART CITY SERVICES

• IoT-Cloud Network:
- Cloud layer (core, metro, edge)
- Access layer
- Device layer
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• City Streams Service:
- Deliver contextually relevant 

personalized city streams

• Operational cost as a function of 
personalized stream data rate

• Barcelo, Llorca, Tulino, Morell, Vicario, “IoT-Cloud Service OpQmizaQon in Smart Environments,” IEEE JSAC 2016.
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RECONFIGURATION-AWARE DYNAMIC CLOUD NETWORK CONTROL

• Centralized online-competitive algorithm to smooth resource allocation in 
distributed cloud networks with reconfiguration cost

• Distributed throughput-optimal flow scheduling and resource allocation 
algorithms under reconfiguration delay and cost

• Jiao, Tulino, Llorca, Yin, Sala, “Smoothed Online Resource Allocation in Multi-Tier Distributed Cloud Networks,” IEEE/ACM 
Transactions on Networking, 2017.

• Wang, Llorca, Tulino, Javidi, “Dynamic Cloud Network Control under Reconfiguration Delay and Cost,” IEEE/ACM Transactions 
on Networking, 2018.



IN SUMMARY

67

• Next generation services will be deployed in the form virtual cloud network slices
that can be elastically configured to meet user demands while minimizing the use of 
the shared physical infrastructure 

• The proposed cloud network flow model allows jointly optimizing the allocation of 
cloud and network resources to services with arbitrary function relationships and 
mix of unicast/multicast flows

• Significant efficiency improvements can be obtained via the end-to-end 
optimization of next generation services over cloud-integrated networks
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• Next generation services will be deployed in the form virtual cloud network slices
that can be elastically configured to meet user demands while minimizing the use of 
the shared physical infrastructure 

• The proposed cloud network flow model allows jointly optimizing the allocation of 
cloud and network resources to services with arbitrary function relationships and 
mix of unicast/multicast flows

• Significant efficiency improvements can be obtained via the end-to-end 
optimization of next generation services over cloud-integrated networks

IN SUMMARY
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Developing And Applying Signal Processing and Machine Learning 
Methodologies For Metagenomics and Human Microbiome Applications

Dr. Edoardo Pasolli, Dept. Agricultural Sciences, UNINA

• Human microbiome is a hot topic in biomedical research
• It is highly multidisciplinary and involves clinicians, microbiologists, bioinformaticians, computer 

scientists, engineers, etc.
• High demand of methodological developments including bioinformatic software, computational 

tools, machine learning strategies, etc.
• We are active in developing and applying methods in this field. Some recent publications:



Reflected-power communica;ons: 
from half-wave to 

sub-wavelength sizes

Giacinto Gelli and Francesco Verde
October 20, 2021



The age of Green Internet-of-Things (G-IoT)

• “Things” are equipped with sensing, computing, and communication capabilities to enable
them interacting with each other and with the surrounding environment.
• Communication modules are expected to take a significant portion of the overall energy

consumption for IoT devices.
• Enabling extremely efficient wireless communications is the main focus of G-IoT.
• Reflected-power communications, which do not require active analog components to 

generate a carrier wave, but leverage dedicated or ambient sources (e.g., digital TV 
broadcasting, cellular systems, local area networks), have emerged as a promising solution to 
G-IoT, due to their inherent energy-harvesting capability, low power consumption, and low
implementation cost.
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Reflected-power at sub-wavelength sizes

• ConvenGonal reflected-power communicaGons rely on arrays consGtuted by 𝜆/2 size
electromagneGc (EM) antennas, where 𝜆 denotes the operaGng wavelength.
• A viable alternaGve is offered by the recent advent of EM metamaterials, which possess

unique EM properGes that are hard or even impossible to be achieved using natural
materials.
• Arrays of uniform or nonuniform elements, whose dimension is smaller than 𝜆 by more than

one order of magnitude (subwavelength size) exhibit unique properGes, such as anomalous
reflecGon/refracGon for beamforming/beamsteering and transmissive/reflecGve focusing for 
high direcGvity.
• Reconfigurable and programmable metasurfaces can be implemented to obtain dynamically

switching EM funcGons, thus yielding more freedom and flexibility with respect to 
convenGonal phased antenna arrays.
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Our research ac>vity on G-IoT

• Many existing works exploit only the spatial dimension of EM 
metamaterials, by overlooking their temporal properties.
• Our study shows that joint exploitation of space and time dimensions of 

EM metamaterials offers additional degrees of freedom that can be 
exploited for different purposes:

• Improved information rates
• Channel estimation
• Physical-layer security
• Sensing and data fusion 
• Wireless E-health

28/10/21 UniNA - Bauman MSTU startup meeting 80



References

• D. Darsena, G. Gelli, F. Verde, “Modeling and performance analysis of wireless networks with 
ambient backscatter devices,” IEEE Transactions on Communications, vol. 65, no. 4, pp. 1797-
1814, Apr. 2017
• D. Darsena, G. Gelli, F. Verde, “Cloud-aided cognitive ambient backscatter wireless sensor

networks,” IEEE Access, vol. 7, no. 1, pp. 57399-57414, 2019.
• F. Verde and V. Galdi, “Modeling and design of reflected-power wireless communications via 

time-varying metasurfaces, to be submitted on IEEE Transactions on Communications.

28/10/21 UniNA - Bauman MSTU startup mee<ng 81



Decentralized Inference with
sensing uncertainty

• How to detect localized
Phenomenon of Interests via WSNs?

• Sensing model is incompletely specified

• Rician sensing model



Vs.

• Local sensor performance are not known
• Standard fusion techniques cannot be  applied

Raw
quantization

Square
quantization

Decentralized Inference with
sensing uncertainty



Low-energy and lossy reporting

Hp: independent BSCs to emulate the 
modulation-decoding process

Common operational mode of NB-IoT uplink: 

• low-order modulation schemes (e.g. BPSK)

• single-carrier frequency division multiple 
access

• connectivity to a large number of sensors 
with low data rate requirements

Decentralized Inference with
sensing uncertainty

Issue:



Bit probability for RQ:

Bit probability for SQ:

Decentralized Inference with
sensing uncertainty



(a similar expression holds also for SQ)

Log-likelihood of decisions received at FC

(Composite) Test of hypotheses:

SQ: 

RQ:

POI parameters are not known!

Decentralized Inference with
sensing uncertainty


